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Although Gaussian mixture model (GMM) is a useful tool for representing a non-Gaussian distribution
with a correlation, the number of components increases exponentially, if statistical operations are
repeated. Hence, a method to reduce the number of components is required and several methods have
been proposed, but none of them is perfect. In this research, we investigate a feature of a given GMM to
select an appropriate method from two optimal methods. Since GMM is represented by a non-linear
function, we use Al technique to find the feature. Then, we constructed such a selection method by using
support vector machine and achieved correct selection rates over 94.8%, which encourage us to devise a
practical Gaussian mixture reduction method.
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